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DEVELOPMENT OF AN EDUCATIONAL CHATBOT WITH A CONTEXTUAL INTENT SYSTEM
ON THE DIALOGFLOW PLATFORM

In the context of digital transformation in higher education, the development of intelligent agents capable of maintaining continuous and effective
interaction with students is becoming increasingly relevant. This article presents a complete life cycle of the creation of the contextual chatbot “Pytayko
z PIITU” for the Department of Software Engineering and Intelligent Control Technologies of NTU “KhPI”. The chatbot is designed to provide quick
and intuitive access to information about academic procedures, communication channels, scholarships, documents, and other common questions related
to students' interaction with the department and its website. The system was developed using the Dialogflow platform with Telegram integration and
Google Cloud Functions as the fulfillment handler. The core of the system is a structured multi-level intent architecture, where each intent group
corresponds to a thematic category such as admissions, documents, or course schedules. This allows the bot to maintain conversation context, ensure
precise routing of requests, and reduce ambiguity in user interaction. The prototyping model was selected as the life cycle methodology due to the need
for active user feedback and iterative improvement. Based on the analysis of the departmental website and survey data from students, an intent system
was created that organizes user queries by categories, each with its own fallback intent and context-based clarification mechanisms. Special attention
was paid to the dynamic distribution of queries using webhook logic and centralized reusable intent blocks. The article presents the development
algorithm, intent architecture, testing process, and analysis of interaction history. The testing phase included multiple validation cycles, real-time sessions
via Telegram, and the assessment of fallback effectiveness. The final implementation achieved a high accuracy rate (~91%) and low error percentage
(~3 %), demonstrating the feasibility of using Dialogflow for educational automation scenarios. The chatbot architecture supports future scalability and

provides 24/7 support for student inquiries without additional administrative workload
Keywords: chatbot development, Dialogflow, higher education, student services, prototyping model, intent system, fallback logic, natural

language understanding, educational automation, Telegram integration.

Introduction. In the context of digitalization of
higher education and increasing competition among univer-
sities, institutions are facing numerous new challenges —
one of the most significant being the need to ensure prompt,
accessible, and personalized communication with students
and prospective applicants. As noted in studies [1-2], the
digital learning environment has become a key component
of university transformation, while the development of
“smart univerSities” through the implementation of Al
technologies is emerging as a strategic priority for many
higher education institutions.

One of the most effective tools supporting this
transformation is the implementation of intelligent
chatbots. These systems significantly reduce administrative
workload, enable 24/7 communication, and improve the
speed and quality of responses by automating typical stu-
dent inquiries.

Given this, the aim of the present study was to develop
a contextual chatbot for the Department of Software
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Engineering and Management Intelligent Technologies at
NTU “KhPI” — named “Pytayko z PIITU”. The solution is
designed with the potential for further adaptation and
transfer of the developed design, development, testing, and
implementation approaches to a similar project for the
Bratislava University of Economics and Management. The
chatbot’s functionality is based on the Dialogflow platform,
which supports natural language processing and is
integrated with the Telegram messenger.

The analysis of the department’s website revealed
that, despite its structured architecture and comprehensive
content covering various departmental activities, users
(particularly first-year students and applicants) face
difficulties in locating up-to-date information — a finding
confirmed by survey results. Therefore, using a chatbot as
an interface to the department’s knowledge base is a
justified and effective decision.

The core logic of the chatbot is implemented through
a structured system of intents, developed based on an
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analysis of the department’s website, patterns of user
interaction with digital services, and stakeholder survey
results. Through the integration of both general and
category-specific fallback intents, as well as dynamic query
routing using webhook functions (Google Cloud Func-
tions), the system demonstrated improved response rele-
vance even when user input was incomplete or imprecise.

Thus, the development of the chatbot presented in this
study not only aligns with current trends in the digital
transformation of higher education [3-4], but also
contributes to improving the quality of departmental
services by providing users with convenient, intuitive, and
accessible access to essential information.

Literature review. According to the analysis of
literature and practical implementations, there are two main
approaches to chatbot development. The first approach is
based on the use of programming languages such as Java,
Python, PHP, C++, Ruby, Lisp, etc., which requires a high
level of technical expertise and significant development
time, but provides maximum flexibility, logic customiza-
tion, and integration capabilities [5-6].

The second approach involves the use of specialized
platforms and frameworks that provide pre-built compo-
nents for intent recognition, natural language processing
(NLP/NLU), fulfillment handling, analytics, and integra-
tion with popular messaging platforms. These platforms
allow developers to focus on the content and dialogue
design rather than technical infrastructure. Given the
available functionality, this method ensures high-quality
implementation and is particularly suitable for developing
educational and administrative chatbots that address
frequently asked questions and assist users in navigating
university websites [5, 7, 8].

The integration of NLP for clarification and fallback
logic corresponds to methods for textual analysis and
comprehensibility evaluation of structured business mo-
dels, as demonstrated by [9].

Among the most widely used platforms are:

1. Google Dialogflow [10] — a powerful platform
supporting multi-channel integration (Telegram, Facebook
Messenger, websites, etc.), featuring a visual interface and
webhook support.

Yes

2. Rasa [11-12] — an open-source framework that
combines flexible natural language understanding (NLU)
and dialogue management (Core). Intent classification is
based on the fastText mechanism using pre-trained word
vectors (e.g., GloVe), ensuring robustness even with a
limited number of training examples. Rasa offers high
customizability but requires more effort to implement.

3. Microsoft Bot Framework [13], Amazon Lex [14],
and IBM Watson Assistant [15] — commercial cloud-based
solutions with strong integration into their respective
ecosystems (Azure, AWS, IBM Cloud).

Based on a comparison of five chatbot development
platforms (Dialogflow, Microsoft Bot Framework, Watson
Assistant, Rasa, and Amazon Lex) using eight criteria —
visual dialogue management, availability of prebuilt
agents, number of integration channels, knowledge engine
support, language coverage, development flexibility,
support for modular architecture, and testing capabilities —
the following conclusions can be drawn regarding function-
nality, developer usability, and integration capabilities [8]:

1. Dialogflow shows a high level of support for visual
dialogue management, the widest multilingual support
(over 120 languages), and a rich library of prebuilt agents.
In addition, it offers convenient tools for agent testing and
validation, such as a built-in simulator.

2. Rasa, in contrast to other platforms, lacks a visual
interface and built-in templates, but excels in flexibility due
to its open-source nature. It is an ideal choice for developers
who require on-premises deployment and full control over
chatbot logic.

3. Microsoft and Watson Assistant offer robust visual
design tools and integration features. Microsoft, in
particular, supports the greatest number of communication
channels. However, compared to Dialogflow, both
platforms may require higher technical effort and
development costs.

4. Amazon Lex, despite its more limited language
support and basic testing features, remains competitive due
to its seamless integration with AWS services, simple
pricing model, and support for voice channels.

In addition to commercial and open-source chatbot
development platforms, several studies have explored
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Fig. 1. The proposed algorithm for developing a chatbot
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hybrid and expert-system-based approaches for chatbot
integration with mobile platforms and external knowledge
bases. For example, [16] proposed the use of Telegram
chatbots integrated with rule-based expert systems via the
Karkas platform, which enables layered knowledge repre-
sentation and logical inference in asynchronous environ-
ments [16]

As a result, the choice of Google Dialogflow in this
project is based on the following factors:

o simplicity and speed of prototyping, which align
with the chosen development life cycle model;

e availability of built-in NLU components;

e support for context-aware dialogues (input/output
contexts);

e direct integration with Telegram via webhook;

e successful use in similar educational chatbot
projects [6].

The developed chatbot is intended to handle frequ-
ently asked questions related to student interaction with the
department and its website. Therefore, a platform that
allows rapid intent updates and supports fallback logic is
the optimal solution.

Chatbot development: prototyping approach and
creation algorithm. To develop the chatbot “Pytayko from
PIITU”, which is designed to answer the most common and
contextually relevant questions frequently encountered by
applicants, students, and other users — many of which relate
to information available on the PIITU department website
[17] — the prototyping life cycle model was chosen. This
approach allows you to quickly create a chatbot prototype,
receive feedback from users in real time and, if necessary,
improve the functionality of the solution taking into
account the needs and feedback of users. As noted in [18-
19], such a model is effective in conditions of uncertain or
dynamic requirements for the developed system, in
conditions where the system interface is oriented towards
the end user. Also, the prototype model is appropriate in
cases where it is important not only to implement basic
functionality, but also to test user interaction scenarios with
the system, adaptability of responses and ease of use, which
is key for interfaces based on natural language processing,
such as chatbots.

The proposed algorithm for developing a chatbot is
consistent with the typical stages of the information system
life cycle:

1. User needs analysis — a study of interaction with the
site was conducted, information was collected through
surveys and interviews with stakeholders.

2. Requirements formulation — problems were
classified, typical requests were agreed upon and grouped
by main areas (introduction, training, practice, administra-
tive issues).

3. Bot interface design — an intent structure was crea-
ted in Dialogflow taking into account contexts and fallback
scenarios.

4. Implementation and testing — intents were tested
using different query options, for example, queries with
errors, the use of synonyms, short and extended questions.

5. Integration — the chatbot was connected to the
Telegram platform.

6. Monitoring and improvement — regular updating of
the knowledge base is provided based on new user requests
and monitoring by department employees.

The developed algorithm is visualized in the form of
a flowchart (Fig. 1), which reflects the logic of interaction
between stages, providing the opportunity to return to
previous stages in the event of uncertainty, new needs, or
areas of concern.

As part of the design of a context-aware chatbot
system for the department’s website, visual modeling was
employed — specifically, use case diagrams, which help
describe the system’s functional requirements, and sequ-
ence diagrams, which reflect the dynamic interactions bet-
ween system components.

The use case diagram captures the main user roles
within the system and their interaction scenarios with the
chatbot. Three key roles have been identified:

e User — initiates information requests to obtain in-
formation or resolve an issue;

e Administrator — is responsible for the develop-
ment, validation and implementation of intents;

e Department Staff — provides the content of res-
ponses to user requests and checks the correctness of the
responses.

Several key interaction scenarios are provided:

o forming and sending a request to the system;

e receiving a response;

o developing and maintaining the component.

The development and maintenance of the component
involves a number of further actions: filling the knowledge
base with the most common queries, setting logical
constraints, developing new intents and response templates,
validating and updating them, as well as analyzing and
processing unrecognized queries. This approach allows you
to reflect not only the external behavior of the system, but
also the internal processes of maintaining and updating
knowledge within the chatbot.

Context-Aware Chatbot
Conversation Flow
Component
Receive i
Answer Administrator

Component
Development and

User Maintenance

1

Component
Query
Staff

Department

Fig. 2. Use Case Diagram for the Context-Aware Chatbot
System

To describe the dynamics of message processing, two
sequence diagrams were created, each covering a specific
aspect of the functionality of the context-aware chatbot.
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Figure 3 presents a sequence diagram illustrating the
real-time processing of a user request. This process is
essential for the chatbot’s operation and is implemented
using a modern serverless architecture that ensures
scalability, reliability, and minimal infrastructure costs.
The user request processing flow includes sending a
message via Telegram, intent recognition in Dialogflow,
optional invocation of a Webhook, execution of logic in
Google Cloud Functions, and finally — response generation
and delivery to the user.

The sequence diagram shown below (Fig. 4) describes
the internal process of knowledge base formation and
maintenance, which underpins the chatbot’s functionality.
It covers both reactions to new (unrecognized) user
requests and the scheduled development of content. Key
actors involved in the process include the administrator and
department staff. Conceptually, the process is divided into
three stages:

@]
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0 T o T T
1 sends message : : :
H  forwards request . H
: analyzes message |
Yef,DﬂN!ES intent«
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‘Google Cloud Functions.

Fig. 3. User Request Processing Sequence Diagram

1. Standard intent development. The department staff
provides information related to frequently asked questions,
mandatory topics (such as department management
contacts), and other content that, in the staff’s opinion, must
be delivered to chatbot users. Based on this information, the
administrator creates intents. These intents then undergo
structural validation and content review. If needed, they are
revised and improved.

2. Reaction to new user requests. When the chatbot
receives a query for which no matching intent is found, the
system logs it as an unrecognized request. These requests
are subsequently analyzed to improve the system.

3. Periodic analysis of new requests. Selected requests
are further reviewed and refined, serving as the basis for
developing new intents. These new intents undergo all
necessary validation and verification stages before being
deployed into the system.

The chatbot is implemented on the Dialogflow
platform using a Webhook connection to Google Cloud
Functions. The Telegram Bot API is used for message
exchange. The architecture supports:

e scalability (via Google Cloud Functions);

¢ high availability (through cloud infrastructure);

e secure data transmission (HTTPS, IAM);

e seamless updates without downtime (via the
Dialogflow Console).

Intent System  Development:  Architecture,
Fallback Mechanisms, and Integration. The develop-
ment of intents followed methodological principles re-

commended in Dialogflow documentation and general best
practices for building natural language interactions:

e intent core: 5-10 typical user phrases, collected
from surveys;

e response format: concise and clear, with a link to
the relevant department webpage;

o follow-up intents: clarification logic implemented
(e.g., awaiting-course, extracurricular-followup);

e contexts: input/output contexts are used to main-
tain topic continuity in a conversation;

o fallbacks: implemented on two levels — general
and category-specific (e.g., Default Fallback, Con-
tacts.Fallback).

There is the intent example format:

Intent name: Admissions.ProgramDetails.

Trigger phrases: "What programs are available in the
department?”, "What do students study in the program?"’.

Response: "The Department of Information and
Communication Technology offers the following academic
programs: ... [link]".

Context: admissions-followup.

Fallback: A_Admissions.Fallback.

As a result of analyzing the department website struc-
ture, observing user behavior, and conducting surveys
among students and staff, a hierarchical system of intents
was developed in Dialogflow. It classifies typical queries
into thematic categories such as admissions, commu-
nication, documents, extracurricular activities, scholar-
ships, schedules, contacts, platform support, mobility, and
campus partnerships.

Each category includes a set of specific intents (e.g.,
Admissions.ProgramDetails, Contacts.Department,
Statements.Info,) and a dedicated category-specific
fallback (e.g., Admissions.Fallback). This structure
enables: staying within the current topic scope during
conversations; politely prompting users for clarification;
maintaining context within the same category.

Unlike a single default fallback intent, each category
features its own fallback, allowing the system to handle
incorrectly phrased or incomplete queries while
maintaining focus on the current theme. For instance, if a
student asks "When do classes start?" in an ambiguous
form, the Schedule.Fallback intent helps clarify the ques-
tion without switching to a general fallback, eventually gui-
ding the user to the correct response.

This approach aligns with best practices in contextual
conversation design and ensures: dialogue flexibility; fewer
routing failures; professional tone even in uncertain sce-
narios.

One of the key functional features of the system is the
implementation of centralized intents, such as
CourseSelection and Communication.CourseLink.PhD,
which rely on a custom Google Cloud Function triggered
via Webhook. This function accepts the student’s or PhD
candidate’s course number as input, processes the data or
generates a dynamic response accordingly, and is reused
across multiple categories including Communication,
Admissions, and Campus.

This supports the reuse across intents principle, which
aligns with serverless architecture by separating business
logic from static responses.
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Fig. 4. Sequence Diagram of Knowledge Base Development and Maintenance

The intent architecture implemented in the system
features the following key elements:

1. Thematic grouping with multi-level fallback sup-
port, ensuring improved dialogue accuracy.

2. Centralized Webhook components that allow sca-
lable bot expansion without logic duplication.

3. Use of contexts and follow-up intents to support
natural multi-turn interactions.

4. A modular, reusable, and scalable design -
essential for systems dealing with diverse informational
topics.

Validation, Testing, and Training of Intents. At the
initial stage, following the creation of the base intent
structure, the first agent validation was conducted using
Dialogflow Essentials. The system automatically flagged
several warnings such as “Intent does not have enough
unique training phrases,” particularly for the
Admissions.Military intent (fig. 5). This indicated that
certain intents were undertrained and might not account for
sufficient variation in user phrasing.

Additionally, during internal testing, thematic over-
laps were discovered between intents from different ca-
tegories — for example, faculty-related questions were
sometimes incorrectly classified under “Communication
Channels” instead of “Contacts.” This posed a risk of ambi-
guity in response routing.

O Dislogflow

Essentials 00T [Z validation
UniversityFAQBoL
o meraon [ mwannng [ miro
=T €] Agentlssues
& Enties -
] Knowtedge ™"
Fulfilment 1 Intentlssues N

T2 megrotions dmissions Miliary o

Fig.5. Dialogflow validation showing a warning for the
Admissions.Military intent due to an insufficient number of
unique training phrases

To address these issues:

the number of training phrases per intent was
expanded;

existing phrases were refined for clarity and

L]
variety;
L]

overlap;
[ ]

output contexts were revised to reduce topic

clarification scenarios were implemented via

follow-up intents for semantically similar inputs.
Following the initial validation, several phases of

testing were performed, including manual evaluation of
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intent assignment in Dialogflow, real-world user interac-
tion via Telegram, and training based on actual queries.

Manual testing involved using the Dialogflow
Training section to evaluate classification accuracy. The
use of contexts was crucial in disambiguating similar
phrases and avoiding misclassification. A specific context,
awaiting-course, was introduced to support clarification
through Webhook logic.

After integration with Telegram, user interactions in a
real environment were tested. This revealed instances of
inappropriate fallback triggering and helped refine clarify-
cation flows. As a result, responses for conversation-ending
phrases such as Thank.You and No.More.Questions were
implemented, allowing for graceful session closure.

Real-user training played a key role as well. The
system processed highly varied natural language inputs and
gradually learned to correctly classify even short or
incomplete queries thanks to an updated training set and
refined category-specific fallback intents. This allowed the
system to preserve dialogue context and guide users
through clarification without breaking conversation logic.

After deploying the chatbot in Telegram, examples of
complete multi-turn conversations were documented,
demonstrating the effectiveness of the intent architecture,
fallback mechanisms, and contextual design. One such
conversation (fig. 6) involved a general inquiry: “I want to
learn about olympiads.”

Muraiiko 3 NITY

0 npusit

”V \Cj : /
XDHy Ai3Hatucs I’|p0 oniMniagn (E
R,

T, g o @%’—q,,z

2 8 e (Y
<

Jlo6poro axs! A TyT, w06 To6i gonomorTu

IHdopMaLito NP oNiMMiaan MOXHa 3HalTX y Telegram-kaHani
BaLWOro Kypcy. BkaxiTe, GyAb acka, CBilt kypc.

BuBay, A MOKM He MOXY TOUHO BiAMOBICTY LOAO KOMYHIKaLLA Ha
BaLWOMy kypci. MOXAMBO, BM YTOUHUTE, NPO L0 came NA.TLCA?

Ock Telegram-uar 5 kypcy:

Telegram
5 KYPC - 121 IN3 & 122 KHIC - NIITY HTY "XNI*
Yar g5 CTyAeHTIB 5 Kypcy OCBITHIX Nporpam
kadeapu MITY HTY "XNI":

MiTy

W GROUP

[lskyo

Paawii 6yB gonomortu! &) U Ma€ww Lie NUTaHHA?
Hanuuwm, 6yzae Nacka, AKILO XOUell WOCk YTOYHUTU.

Hi, Bce a06pe

Uyaoso! FapHoro Aus Ta ycnixis!

Fig. 6. Test Dialogue with the Chatbot via Telegram Interface

The system followed this flow:

1. The bot identified the topic but required additional
clarification — the awaiting-course context was triggered.

2. The user entered only “5”, which was too brief,
prompting an internal fallback that asked for clarification.

3. After the user responded with “Sth year,” the bot
correctly identified the course level and dynamically
generated a link to the relevant Telegram group.

4. The bot then entered a follow-up state (awaiting-
followup) and processed the user’s thank-you message
appropriately.

5. The session concluded smoothly, staying within the
category and avoiding fallback to a general flow.

The testing process resulted in the following key
findings related to intent testing and training:

1. The tests confirmed that a sufficient variety of
training phrases, along with analysis of real user input, is
critical for accurate classification and response relevance.

2. ldentified overlaps between intent categories led to
a refined, more segmented context system.

3. Validation in both Dialogflow and Telegram sho-
wed that real-world bot behavior requires flexible fallback
mechanisms and support for continuous retraining.

4. Each testing phase led to adjustments in intent
design, resulting in an iterative and adaptive training
process.

5. The combination of intents, contexts, and Webhook
logic enabled natural, multi-turn interactions — even when
user queries were imprecise or incomplete.

6. Fallback intents function not only as error handlers
but as effective tools for refining user intent without
disrupting dialogue flow.

Chatbot Usage Analytics. After the chatbot was
deployed in the Telegram environment and the testing
period began, detailed interaction statistics were collected.
These allowed the team to evaluate not only the effect-
tiveness of individual intents but also general user behavior
patterns.

According to Dialogflow analytics collected during
the testing period, the system recorded an average of 1 to 2
sessions per day. Each session typically included between
5 and 18 user interactions, with noticeable peaks observed
on days of intensive testing.

This confirms that users engaged in full conversations
with follow-up clarifications, rather than submitting just a
single query.

Table 1 — Intent Activity Distribution during the period
05.05.25-11.05.25
Intent Sessions | Interactions | Exit, %
CourseSelection 10 15 18.75
Admissions.EntryConditions 4 4 0.00
B_Communication.Channels 4 6 0.00
Extracurricular.Projects 3 4 0.00
Admissions.OnlineSubmission 3 6 6.25
Default Fallback Intent 4 9 0.00

The analysis of the table indicates that the
CourseSelection intent was the most frequently triggered
and had a relatively high exit rate — a result consistent with
its function of redirecting users to course-specific Telegram
chats for further information. In contrast, the Default
Fallback Intent showed a 0 % exit rate, suggesting that the
system successfully managed even unrecognized queries.
Notably, no fallback intent led to the termination of a
session, which confirms the effectiveness of the category-
specific fallback mechanisms in maintaining user enga-
gement.

Bicnux Hayionanvnozo mexuniunoeo ynisepcumemy «XI11». Cepia: Cucmemnuii
22 ananis, ynpaguinHa ma ingopmayiini mexronoeii, Ne 1 (13) 2025



ISSN 2079-0023 (print), ISSN 2410-2857 (online)

The Dialogflow History section revealed that the most
frequent user queries were related to admissions — inclu-
ding questions such as “admission”, “deadlines”, and “how
to submit documents” — as well as inquiries about
department contact details, communication channels with
lecturers, project-based learning, digital signatures, and
scholarships. These findings confirm that the chatbot’s
intent structure is well aligned with real user needs, as
identified through stakeholder surveys and website ana-
Iytics.

Conclusions. The choice of a prototyping model was
justified, as it enabled a flexible and iterative development
process with user feedback incorporated at each stage:

1. The website structure was analyzed, stakeholder
surveys were conducted, and common user queries were
identified — these became the foundation for the intent
architecture.

2. A system of over 30 active intents was developed,
covering key informational categories: admissions, docu-
ments, schedules, contacts, scholarships, mobility, commu-
nication channels, support platforms, and extracurricular
activities.

3. More than 100 unique queries were processed
during testing, allowing the intent structure to be adapted to
real user needs.

4. A multi-level fallback logic was implemented,
including both a general fallback for unrecognized queries
and category-specific fallbacks. This allows the system to
request clarifications within the context of the conver-
sation, maintaining a coherent dialogue flow.

5. The chatbot was integrated with Telegram,
providing students with an intuitive mobile interface for
interaction.

6. Several rounds of validation, manual testing, and
automated testing were carried out, which helped identify
and resolve conflicts between intents.

7. After deployment, analytical monitoring revealed a
high accuracy rate (91 %), a low misclassification rate
(~3 %), and effective fallback handling. The system was
designed such that the chatbot’s entire knowledge base is
implemented as intents in Dialogflow, allowing it to be
updated or extended flexibly without modifying the infra-
structure or processing logic.

While still in the pre-deployment phase, the chatbot
“Pytayko from PIITU” has been developed as an advanced
and scalable solution intended to serve as part of the
department’s intelligent service ecosystem — capable of
providing 24/7 support, adapting to user needs, and
reducing the administrative burden through automated
responses to frequently asked questions. Notably, this joint
development also establishes a solid foundation for future
implementation at the Bratislava University of Economics
and Management, demonstrating the transferability and
relevance of the proposed approach in international aca-
demic environments
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PO3POBKA OCBITHBOI'O YAT-BOTA 3 KOHTEKCTHOIO CUCTEMOIO IHTEHTIB HA IIVIAT®OPMI
DIALOGFLOW

VY xonTekcti mudposoi TpaHchopmarii BuIoi OCBiTH Jemani OiNBIIOI aKTyanbHOCTI HabyBae po3poOKa IHTENEKTyalbHUX areHTiB, 3MaTHUX
3a0e3neuyBaTu Oe3mepepBHY Ta €(EKTUBHY B3a€EMOJIIO 3i CTYAEHTAMH. Y CTATTI NPEJICTABICHO MOBHHUW JKUTTEBUH IIMKJI CTBOPEHHS KOHTEKCTHO-
3aiexHoro dar-0ota «[luraiiko 3 TIITY» s xadeapu mporpamuoi imkeHepii Ta iHTenekTyanbHHX TexHousorii ympaiinas HTY «XIII». Bot
TPU3HAYEHO JUIS IIBUJIKOTO Ta IHTYITHBHOTO JOCTYITY JI0 iH(OpMAIlii Ipo HaBYaIIbHI MPOLECH, KAaHAN 3B’ 3Ky, CTHIICH]Iii, JOKyMEHTH Ta iHIIi THIIOBI
3alUTaHHs, 110 BUHUKAIOTh I/l 4ac B3a€EMOJIT CTYACHTIB 3 Kadenporo Ta i BebcaiitoMm. Cuctema po3pobiiena Ha matdopmi Dialogflow 3 iHTerpamiero
no Mmecenmkepa Telegram Ta Bukopuctanusm Google Cloud Functions sik 3aco0y o0poOkm 3amutiB (fulfillment). Slapo cuctemu cTaHOBUTH
CTPYKTypoBaHa GaraTopiBHEBa CHCTEMa IHTEHTIB, KOKHA 3 SIKMX BiJIIOBifa€ MEBHii TeMaTH4HIH KaTeropii (HaIpHKIaja, BCTYI, JOKYMEHTH, PO3KIA
3aHATh). Taka apXiTeKTypa [O3BOJS€E MiATPUMYBATH KOHTEKCT Jiayory, 3a0es3leyyBaTH TOYHE MAapIIPYyTU3YBaHHS 3alMTiB Ta 3MEHIIYBaTH
HEO/IHO3HAYHICTh B3a€MOZIi. Y SKOCTI MOJENi JKUTTEBOTO HUKITY Oyn0o 0OpaHO MPOTOTHMITYBAHHS, IO JO3BOJMIO BPAaXOBYBATH 3BOPOTHHI 3B’S30K
KOpHUCTYBaJiB i BIOCKOHATIOBAaTH CHUCTeMy iTepaTBHO. Ha OCHOBiI aHali3y CTpyKTypH cailTy Kadeapu Ta pe3yJbTaTiB OINHMTYBaHHS CTY/CHTIB
c(hOpMOBaHO TeMaTH4YHYy cucTeMy iHTeHTiB 3 fallback-mMexaHi3MaMu Ta KOHTEKCTHOIO JIOTiKOI yTo4HeHHs. OKpeMy yBary MpUIUICHO THHAMIYHOMY
posmofiny 3anuTiB 3a gonoMororo Webhook i mOBTOpHOMY BHKOPHUCTaHHIO (DYHKIIOHATBHUX OJIOKIB. Y CTaTTi MPEACTAaBICHO aJrOPUTM PO3POOKH,
apXITEKTypy CHCTEMH IHTEHTIB, POIIEC TECTYBAHHS Ta aHali3 icTopii B3aemoxiil. TecTyBaHHS BKIIOYATO AEKiNbKa MUKIIB Basifamii, peaybHi cecil y
Telegram 1 ounimioBanusa edexTuBHOCTI fallback-06poOku. IlincymxoBa peanizamis 3a0e3mednnaa BHCOKY TOUHICTH (<91 %) Ta HH3BKHI BiJCOTOK
nomMunok (~3 %), o miATBepKye AOLiIbHICTh BukopucTaHHs Dialogflow ns aBToMaTH3amnii ocBiTHIX IporieciB. ApXiTeKkTypa 4aT-00Ta mepenbadae
MacmTaOyBaHHS Ta 3a0e3Medye 1iNog000BY MiTPHMKY CTYJICHTCHKHX 3BEpPHEHb 0€3 J01aTKOBOTO HABAHTaXXECHHS Ha aJIMiHICTPATUBHMIT IIEpCOHAIL.

Kurouosi cioBa: pozpodka yar-6ora, Dialogflow, Buia ocBita, CTyIeHTCBKI CepBicH, MO MPOTOTUIYBAaHHS, CHCTeMa iHTeHTiB, fallback-
Jorika, 00poOKa MpUpPOIHOT MOBH, aBTOMATH3allisl OCBITH, iHTerpanis 3 Telegram.
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